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Agilent

About Agilent S

\

Agilent is a leader in life sciences, diagnostics and applied chemical markets. The company provides
laboratories worldwide with instruments, services, consumables, applications and expertise, enabling

customers to gain the insights they seek. Agilent’s expertise and trusted collaboration give them the highest
confidence in our solutions.

Agilent focuses its expertise on six key markets, where we help our customers achieve their goals:

Diagnostics Pharmaceutical Enwronmen.tal Research
and Forensics

Chemical and
Energy

e Agilent gives e From disease e We provide e [nstruments e Help customers e Helps to ensure
doctors a head research and fast, accurate and S/W help maximize their our food supply
start in the fight drug discovery, and sensitive Research with production of remain free of
against cancer to drug methods for Scientists fuels and contaminants.
and other development, monitoring across Globe. predict failures.
diseases. manufacturing contaminants.

and quality
control.
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Agility & Data Flexibility

Overview




Agility Measured through Time to Market \

Increasingly, Agility of a Digital Team
IS being measured through time to
markets for products and product
related changes.

Whether we talk about new features
for customers or the addition of new
product portfolios for a company.

Digital Edge on competition can
really be achieved if we can manage
and reduce time to market SLA's.
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Data Flexibility and its Complexity

Really means Relational Data
Schema Flexibility.

Schema changes to product and
related content attribution from
Upstream systems.

Integrate product data models to
propagate attribution structure
changes to downstream targets.

Agile adaptability of attribution for
downstream systems.

Complete Normalization helps to
focus on core customer needs and
product portfolios.

Deign and
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Digital Data Touchpoints
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MDM-to-Web SLA’s

ETime to Market SLA's (Hours)
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Marketing Updates Product Enrichments New Product Intro Support Material Additions
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Normalized Data

Selling Points and its Problems
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Product Catalog Normalized

Product
Classification/ Catalog
Groups

/

- Marketing Support o .
Digital Assets Specifications Attributes
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Data Fetch for Product Involves...

Product Detalls Features
Agilent * ABOUT AGILENT *  CONTACTUS  UMITED STATES  LOGIN v
. 100% Dimethylpolysiloxane
PRODUCTS ~ SOLUTIONS  TRAINING & EVENTS  SEAVICES  SUPPORT  RESOURCES  BUY W Speckications Identical selectivity to DB-1
Home > Products > Gas Chvomatography > GC Columns > Capillary > DB-1ms Rershre Nor-poler

Very low bleed characteristics, ideal for GC/MS
Capillary
Capillary

DB-Tms - »

Agilent J&W DB-1ms is a nonpolar, low bleed column, with excelient inertness for
acids and bases and an extended Lpper temperature mit. Using low bieed

ypl in 08-1ms red ) 1 5 noise,
resulting in a higher signakto-noise ratio and better sensitivity. DB-1ms is bonded
and cross-hnked. In addition, reduced bieed results in improved mass-spectral
purity and accurate libeary identification. The inertness of D8-1ms provides
maxmum response for active analytes commonly found in drug scroening and
environmental analyses.

Improved acid performance compared to standard 100% Dimethylpolysiloxane columns
Improved signal-to-noise ratio for better sensitivity and mass spectral integrity
Bonded and cross-linked; solvent rinsable

Each Agilent JAW GC column is tested with the tightest industry QC specifications for column
bleed, sensitivity, and efficiency to provide you utmost confidence in qualitative and
quantitative results

For details about the QC test conditions including the test probe mixture and the resulting
chromatogram, please refer to the Agilent JEW GC Column Performance Summary shipped with
each GC column

e > Similar Phases: SPB-1, Rtx-1, BP-1, OV-1, OV-101, 007-1(MS), SP-2100, SE-30, ZB-1, AT-1, MDN-1,
Frowcrons | S .28 1me

10 (mm) | ] Length (m) [ Film (ym) \ } Configuration | View per page: 12 ¥ )
Part Number 1D (mm) Length (m) Film (pm) Configuration ©  Your Price
via Specifications
[-A] 1 - 0.00 USD ary .
T Attribute >
vzenz o1 o Classification/ Catalog Configuration chlces for Aghent J6W DB-1ms
, —— Groups
*127-0113 o 10 “ Tin 420.00 USD qary
D (men) 0.10mm
1270122 01 20 0.1 ary Length (m) 10-20m
Film (um) 0.10 - 0.40 ym
1270123 o1 20 i ary Temperature Limits ("C) 60 ~ 340/360 *C
s121-0022 018 20 .18 7in qQry Capill:
s220.0122LTM 018 20 018 ary 1D (mm) 0.18 - 0.32 mm
AL < z Length (m) 12-60m
“1280112 02 0x 7in D ary E ) 10=0.53 n
Temperature Limits (‘C) [60 - 340/350 °C (0.33 pm)
1280122 02 2 7 491,00 USOD ary 60 - 3407360 'C
+128-01226 02 25 03 491.00USD ary 01 Marketin Support g - .
Digital Assets g pp Specifications Attributes
azmone 02 18 028 s arv Assets Content
Retum 10 10p ©
*122.01326 025 30 925 5in £93.00 USD ary
Literature
12 3 + 1120025 resuhs Add ToCart

Application Notes
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What if we could...

Accelerate Avoid Dynamically

Time to chasing Upgrade

Market for MDM data Experience

Products model for Newer
changes for Products
Downstream

P>

Avoid
Spending
time in
integrations
with MDM
repeatedly.

P>

Focus on
Customer
Innovation
and data
driven
experience.
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Leveraging Skinny Integrations
and IMDG

TTM and Data Flexibility Solutions




Skinny Integrations with Web/e-Store

Import attributes in downstream systems only if needed.

- Core Attributes
« Attributes absolutely needed inside of the platform

Contain channel specific attributes.

IContain attributes used for channel specific business

ogic.

g;)re attributes live in delivery apps like CXM and e-
ore.

- Improved Performance of Imports by factor of .

- Improved Internal Publishing performance of
downstream apps.

Don’t disturb primary downstream apps for any updates.

- Creates Only

New Product Introductions.
Complete new Product Portfolios.
Merger and Acquisitions.

Product Line Splits and Mergers.

CMS / CXM

e Content &

“&8 Data Delivery

A

3

— E-Store

| #=_ Content &

&8 Data Delivery

A

MDM
“ Product

” Information

Management
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Data Flexibility using Data Grid

* Import all your normalized data in GridGain’s Data Grid.

- Neighbor Attributes

« Attributes which are needed by the channel but [ T
can be referred in runtime.

“@88 Data Delivery

« Contain Ul only attributes.

« Contain omni-channel attributes which doesn't
need to be channel specific.

* Neighbors live in Data Grid

- Heavy attribution imports through Streaming
Imports.

a

Data Grid E-Store

\ Cached Content =, content&
&Y Immutable Data "8 Data Delivery

a A

« Do disturb Data Grid every time there is an update
upstream.

- Creates and Updates
« Marketing Updates on products.
« Digital Asset Associations.
« Support Asset Additions.
* Product Enrichments.

MDM
“ Product

Information
Management
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De-Normalized Access

Amalgamate data for Downstream
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In-Memory Data Grid Design

Higher Level Caches

Content Products Cache Store e-Catalog Cache

Content Classification
Cache
Compute Grid

Low Level Caches

MDM Products MDM Marketing m
MDM Classification MDM Digital Objects m
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Access from Downstream Apps

CMS / CXM

* Access Patterns bypasses any My conens = Service Grid

& Data Delivery

understanding of MDM Data |

Model Structure.

A

« Downstream apps can focus on

Content Left
customer experience. My o Products
* As soon as Data changes, Conen “
experience changes. atribution

* Improved performance by
accessing de-normalized data.

Low Level Caches

In-Memor
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MDM-to-Web SLA’s post IMDG

B Time to Market SLA's (Minutes)

30

25

20

15

10

Marketing Updates Product Enrichments New Product Intro Support Material Additions
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Architecture and Integrations
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Recommendations Engine

Machine Learning and Data Delivery
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Concept

A scalable front end that records user
interactions to collect data.

 Permanent storage that can be accessed
by a machine learning platform. Loading the
data into this storage can include several

steps, such as import- export and

« A machine learning platform that can
analyze the existing content to create
relevant recommendations.

« Storage that can be used by the front end,
in real time or later, based on the timeliness
requirements for recommendations.
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Methodology

« Used Collaborative Filtering model, which

generates recommendations based on the e fens tm g pens - ene
relationship between the visitors and e K X X
products. X
User 3 X X
* No explicit information regarding the visitors X U
or the products required in the approach. = X -
User 6 X X —
« Implicit: Not as obvious in terms of -~ R A
preference, such as views, clicks, purchase. " "
User 9 X
* Solving the problem requires a matrix of R X v
user-item interactions.
- . . . ltem1 | Item2 | Item3 | Item4 | Item5 | Item6
* We utilized Matrix Factorization method to 5
figure out the latent (hidden) features that 2

relat_e them to each other in_a much smaller
matrix of user features and item features.

In-Memory
23 | N | Computing |yorr:

SUMMIT 20



Recommendation Engine Design

O Storage/Analysis

ML Jobs

o Compute

__I
|

.l 1 Standard Storage Processing
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Cloud Storage
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{ \ Data Grid XN
S - \\ Fast Storage I w G—
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Nested Serverless Server:less buckt.et with
. Functions objects
functions

1

. I I 1
|
Localization Entitlements Pricing In-M
H n-iviemor
24 mCompuﬁnyg NORTH
SUMMI T2



Learnings

Its not for companies who:

Have a hands off operations team.

Want fully baked integrations through
beautiful consoles like some of the
Integrations Platforms provide.

Rely on platforms to manage itself or
are completely self managed.

Want completely decoupled
integrations.

Enterprise grade security for the
Grid.

Its for companies who:

Likes to leverage utilize their internal
dev and operations team to manage
delivery capabilities.

Want to be more hands on
technology and integrations.

Have better tools to monitor and
diagnose problems with systems.

Want to leverage fault tolerant
clusters of compute and data.

Data Security is taken care by the
infrastructure vs the application.
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Questions?

Email :

Thank You!
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