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Executive Summary

 Database Proxies:

« Improves SQL read/write performance and reliability

» Deployment requires no application changes




Database Proxy Vendors
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IMDG vs. Database Proxies
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* Best scale & performance * May be “good enough”
» Greenfield applications * Existing applications, small dev

* Requires code changes * No code changes
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Transparent Database Proxy
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Software Package Options
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Database Proxy Platform
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Heimdall Centralized Deployment
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Heimdall Distributed Deployment
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Use Cases
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How Caching Works

Uses real-time analysis and statistics on:
« Query frequency and variability

 Relative performance of Cache vs. Database

Provides:
« Auto-cache only if there is a performance benefit

e Cache recommendations and benefits




Caching and Read/Write Splits
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SQL Analytics
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umeta_id ASC

SELECT * FROM wp_users WHEREID =?

SELECT * FROM wp_posts WHERE ID =?LIMIT?

SELECT option_name, option_value FROM wp_options WHERE autoload = ?

SELECT option_value FROM wp_options WHERE option_name = ? LIMIT?

SELECT wp_posts.” FROM wp_posts WHERE ?=? AND ( ( YEAR( wp_posts.post_date ) = ? AND
MONTH( wp_posts.post_date ) = 2 AND DAYOFMONTH( wp_posts.post_date ) =?)) AND
wp_posts.post_name = ? AND wp_posts.post_type = ? ORDER BY wp_posts.post_date DESC
SELECT t., tt", tr.object_id FROM wp_terms AS t INNER JOIN wp_term_taxonomy AS tt ON

t.term_id = tt.term_id INNER JOIN wp_term_relationships AS tr ON tr.term_taxonomy_id =
tt.term_taxonomy_id WHERE tt.taxonomy IN (2, 2, ?) AND tr.object_id IN (?) ORDER BY t.name ASC

SELECT post_id, meta_key, meta_value FROM wp_postmeta WHERE post_id IN (?) ORDER BY
meta_id ASC

SELECT wp_posts.* FROM wp_posts WHERE ID IN (2,2,2,2,7)

SELECT wp_comments.* FROM wp_comments WHERE comment_ID IN (2,2,2,2,7)

SELECT wp_posts.ID FROM wp_posts WHERE ?=? AND wp_posts.post_type = ? AND
((wp_posts.post_status = ?)) ORDER BY wp_posts.post_date DESCLIMIT?,?

SELECT SQL_CALC_FOUND_ROWS wp_comments.comment_ID FROM wp_comments WHERE (
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Demo
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IMDG vs. Database Proxies
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